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1. Google COVID-19 Community Mobility Dataset  

The Google COVID-19 Community Mobility dataset was used with expressed permission from Professor Karen De-

Salvo (Chief Health Officer at Google Health, personal correspondence 21 Sept 2020)  

The Community Mobility data is publicly available from https://www.google.com/covid19/mobility/ and may be 

downloaded as CSV (comma separated values) files that was periodically updated by the Google Health team. The 

dataset consisted of aggregated and anonymised data (data from users of products such as Google Maps who have turned 

on Location History, which can be toggled to off by the user) that chart movement trends over time by geography across 

different categories of places such as retail and recreation, groceries and pharmacies, parks, transit stations, workplaces, 

and residential. The ‘Global CSV’ dataset was downloaded on 23 July 2020 for the visualisation in this article.  

This article visualised and juxtaposed the the specific categories of ‘residential’ versus ‘workplaces’ as the authors 

anticipated that these place categories would intuitively yield the most significant changes in mobility trends from 

restrictions to public mobility.  

The aggregated data anonymously estimated the percentage change in the time spent (for residential category) or total 

number of visitors (for workplace category) compared to baseline days. The baseline day was defined at the median 

value from the 5 week period Jan 3 - Feb 3, 2020 (an arbitrary period that was deemed prior to most formal societal 

mobility restrictions being implemented during the COVID-19 pandemic). The Google Health team acknowledge that 

this arbitrary period may not reflect ‘perfectly normal baseline days’ for every region on the planet. A calibration list is 

offered within the website as a means to consider likely confounders of mobility trends for any given population. These 

confounders for the period of Jan 3 - Feb 3, 2020 included:  

• Local events and seasonal changes that might bias the baseline  

• Day-to-day and seasonal weather effects on visitors to parks 

• Weekly, seasonal and academic term related variations to time spent in residential places 

• Effect of types of work on mobility changes e.g. how might COVID-19 responses affect different jobs (weekend 

v weekday jobs)? 

• Representation of data in the region i.e. regions that do not allow mobile devices and access to Google Maps such 

as certain governmental building and military bases.  

Accounting for regional country variations in school terms; Sweden is most likely to have its baseline day value 

overestimated for the residential category and underestimated for the workplace category as Sweden’s end to Christmas 

vacations occurred at the beginning of January (compared to early February in Australia and late January in South 

Korea). Simply put, more people were at home for vacation holidays for the baseline period in Australia and South 

Korea compared to Sweden. This may have contributed to the reduced excursions from baseline in the data visualisation 

for Sweden.    

Importantly, it should be explicitly noted that the percentage changes in the ‘residential’ and ‘workplace’ category 

are in different units. The residential category shows a change in time duration spent at home, whilst the workplace 

category (like all the other categories) quantifies the change in total visitors to the place category. Therefore, the resi-

dential category percentage change should not be directly compared with the workplace category percentage change in 

terms of absolute values but may be compared between countries in relative values.  

The mobility data is imperfect in terms of units of measurement for the different categories (i.e. residential vs all 

other categories) and the use of an arbitrary baseline period. However, with consideration for these confounders, it is 

possible, with data transparency during interpretation to attain insight from the aggregated and anonymised data from 

the Google Health COVID-19 Community Mobility Reports Dataset. 
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2. Impact of effective lockdown date (ELD) + 14 days on the doubling time of COVID-19 cases, 

Interrupted Time Series analyses. 

 

Australia – ITS analysis at ELD + 14d 
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Sweden – ITS analysis at ELD + 14d 
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South Korea – ITS analysis at ELD + 14d 
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